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GENOMIC APPROACHES
Level Approaches

Population Case-control association study

Family Genetic linkage study

Individual Genome sequencing

Tissue/Cell Gene expression analysis, epigenetics, genome 
sequencing

Organism Microbiome analysis
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GENE DISCOVERY

http://www.genome.gov/Pages/News/PaceofDiseaseGeneDiscovery.pdf
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LIKELIHOOD RATIO
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HAPLOTYPE ANALYSIS





GENOME BROWSER

http://genome.ucsc.edu
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Mutations in VPS33B, encoding a regulator of SNARE-dependent 

membrane fusion, cause arthrogryposis–renal dysfunction–cholestasis 
(ARC) syndrome
Paul Gissen, et al.
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CANDIDATE GENES
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INTEGRATIVE GENOMICS
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MAPPING, GENOMICS, 
PROTEOMICS
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LRPPRC MUTATIONS IN LEIGH 
DISEASE
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COMPARATIVE GENOMICS 
APPROACH

Comparative Genomics Identifies a Flagellar and Basal Body Proteome that 
Includes the BBS5 Human Disease Gene 
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PROTEINS FOUND IN HUMAN AND 
CHLAMYDOMOMAS BUT NOT ARABIDOPSIS 

(FLAGELLAR PROTEINS)



BARDET-BIEDL SYNDROME
•  Obesity

•  Polydactyly

•  Retinitis pigmentosum

•  Renal failure

•  Genetic heterogeneity

•  Some forms associated 
with genes involved in 
cilia http://www.emedicine.com/oph/
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BBS5

2 proteins in database map to 2q31 where BBS5 
known to map



IMMOBILIZATION/
AMPLIFICATION

Metzker, M.  Nature Reviews Genetics 2010;11:3146.



DNA SYNTHESIS/DETECTION

Metzker, M.  Nature Reviews Genetics 2010;11:3146.



EXOME SEQUENCING

Bamshad et al.  Nat. Rev. Genet. 2011; 12:745.

0CVWTG�4GXKGYU�^�)GPGVKEU

9CUJ

AGGTCGTTACGTACGCTAC
GACCTACATCAGTACATAG
GCATGACAAAGCTAGGTGT

%CRVWTGF�&0#

%QPUVTWEV�
UJQVIWP�NKDTCT[ *[DTKFK\CVKQP

&0#�UGSWGPEKPI
/CRRKPI��CNKIPOGPV�
XCTKCPV�ECNNKPI

)GPQOKE�&0# (TCIOGPVU

2WNNFQYP

variants for monogenic diseases3. Second, most alleles 
that are known to underlie Mendelian disorders disrupt  
protein-coding sequences13. Third, a large fraction of  
rare, protein-altering variants, such as missense or 
nonsense single-base substitutions or small insertion– 
deletions (that is, indels), are predicted to have functional 
consequences and/or to be deleterious14. As such, the 
exome represents a highly enriched subset of the genome 
in which to search for variants with large effect sizes.

Defining the exome. One particular challenge for apply-
ing exome sequencing has been how best to define the 
set of targets that constitute the exome. Considerable 
uncertainty remains regarding which sequences of the 
human genome are truly protein coding. When sequence 
capacity was more limiting, initial efforts at exome 
sequencing erred on the conservative side (for exam-
ple, by targeting the high-confidence subset of genes 
identified by the Consensus Coding Sequence (CCDS) 
Project). Commercial kits now target, at a minimum, all 
of the RefSeq collection and an increasingly large num-
ber of hypothetical proteins. Nevertheless, all existing 
targets have limitations. First, our knowledge of all truly 
protein-coding exons in the genome is still incomplete, 
so current capture probes can only target exons that have 
been identified so far. Second, the efficiency of capture 
probes varies considerably, and some sequences fail to 
be targeted by capture probe design altogether (FIG. 1). 
Third, not all templates are sequenced with equal effi-
ciency, and not all sequences can be aligned to the ref-
erence genome so as to allow base calling. Indeed, the 
effective coverage (for example, 50×) of exons using 
currently available commercial kits varies substantially. 
Finally, there is also the issue of whether sequences other 
than exons should be targeted (for example, microRNAs 
(miRNAs), promoters and ultra-conserved elements). 
These caveats aside, exome sequencing is rapidly prov-
ing to be a powerful new strategy for finding the cause 
of known or suspected Mendelian disorders for which 
the genetic basis has yet to be discovered.

Identifying causal alleles
A key challenge of using exome sequencing to find 
novel disease genes for either Mendelian or complex 
traits is how to identify disease-related alleles among 
the background of non-pathogenic polymorphism 
and sequencing errors. On average, exome sequencing 
identifies ~24,000 single nucleotide variants (SNVs) in 
African American samples and ~20,000 in European 
American samples (TABLE 1). More than 95% of these 
variants are already known as polymorphisms in 
human populations. Strategies for finding causal alleles 
against this background vary, as they do for traditional 
approaches to gene discovery, depending on factors 
such as: the mode of inheritance of a trait; the pedigree 
or population structure; whether a phenotype arises 
owing to de novo or inherited variants; and the extent 
of locus heterogeneity for a trait. Such factors also influ-
ence both the sample size needed to provide adequate 
power to detect trait-associated alleles and the selection 
of the most successful analytical framework.

Box 1 | Workflow for exome sequencing

Since 2007, there has been tremendous progress in the development of diverse 
technologies for capturing arbitrary subsets of a mammalian genome at a scale 
commensurate with that of massively parallel sequencing8,10,72–79. To capture all 
protein-coding sequences, which constitute less than 2% of the human genome,  
the field has largely converged on the aqueous-phase, capture-by-hybridization 
approach described below.

The basic steps required for exome sequencing are shown in the figure. Genomic 
DNA is randomly sheared, and several micrograms are used to construct an KP|XKVTQ�
shotgun library; the library fragments are flanked by adaptors (not shown). Next, the 
library is enriched for sequences corresponding to exons (dark blue fragments) by 
aqueous-phase hybridization capture: the fragments are hybridized to biotinylated 
DNA or RNA baits (orange fragments) in the presence of blocking oligonucleotides 
that are complementary to the adaptors (not shown). Recovery of the hybridized 
fragments by biotin–streptavidin-based pulldown is followed by amplification and 
massively parallel sequencing of the enriched, amplified library and the mapping  
and calling of candidate causal variants. Barcodes to allow sample indexing can 
potentially be introduced during the initial library construction or during 
post-capture amplification. Key performance parameters include the degree of 
enrichment, the uniformity with which targets are captured and the molecular 
complexity of the enriched library.

At least three vendors (Agilent, Illumina and Nimblegen) offer kitted reagents  
for exome capture. Although there are technical differences between them (for 
example, Agilent relies on RNA baits, whereas Illumina and Nimblegen use DNA baits 
— the kits vary in the definition of the exome), we find the performance of these kits 
to be largely equivalent, and each is generally scalable to 96-plex robotic 
automation. The fact that the costs of exome sequencing are not directly 
proportional to the fraction of the genome targeted is a consequence of several 
factors, including imperfect capture specificity, skewing in the uniformity of target 
coverage introduced by the capture step and the fixed or added costs that are 
associated with sample processing (for example, library construction and exome 
capture). This ratio will fall as the cost of whole-genome sequencing drops.

Although methods for calling single nucleotide substitutions are maturing80, there 
is considerable room for improvement in detecting small insertion–deletions and 
especially copy number changes from short-read exome sequence data81 (for 
example,�detecting a heterozygous, single-exon deletion with breakpoints that fall 
within adjacent introns). Exome sequencing also needs improvements of a technical 
nature. First, input requirements (several micrograms of high-quality DNA) are such 
that many samples that have already been collected are inaccessible. Protocols using 
whole-genome amplification or transposase-based library construction offer a 
solution82, but additional work is required to fully integrate and validate these 
methods. Second, as the minimum ‘unit’ of sequencing of massively parallel 
sequencing continues to increase, sample indexing with minimal performance loss 
and minimal crosstalk between samples will be required to lower the costs of exome 
sequencing. Third, a substantial fraction of the exome (~5–10%, depending on the kit) 
is poorly covered or altogether missed, largely owing to factors that are not specific 
to exome capture itself.
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NUMBER OF VARIANTS

Bamshad et al.  Nat. Rev. Genet. 2011; 12:745.

Table 1 | Mean number of coding variants in two populations

Variant type Mean number of variants  
(± sd) in African Americans 

Mean number of variants  
(± sd) in European Americans

Novel variants

Missense 303 (± 32) 192 (± 21)

Nonsense 5 (± 2) 5 (± 2)

Synonymous 209 (± 26) 109 (± 16)

Splice 2 (± 1) 2 (± 1)

Total 520 (± 53) 307 (± 33)

Non-novel variants

Missense 10,828 (± 342) 9,319 (± 233)

Nonsense 98 (± 8) 89 (± 6)

Synonymous 12,567 (± 416) 10,536 (± 280)

Splice 36 (± 4) 32 (± 3)

Total 23,529 (± 751) 19,976 (± 505)

Total variants

Missense 11,131 (± 364) 9,511 (± 244)

Nonsense 103(± 8) 93 (± 6)

Synonymous 12,776 (± 434) 10,645 (± 286)

Splice 38 (± 5) 34 (± 4)

Total 24,049 (± 791) 20,283 (± 523)

The table lists the mean number (± standard deviation (sd)) of novel and non-novel coding 

single nucleotide variants from 100 sampled African Americans and 100 European 

Americans. Non-novel variants refer to those found in dbSNP131 or in 200 other control 

exomes. Capture was performed using the Nimblegen V2 target. The analysis pipeline 

consisted of: alignment using the Burrows–Wheeler alignment tool; recalibration; 

realignment around insertion–deletions and merging with the Genome Analysis Toolkit 

(GATK)91; and removal of duplicates with PICARD. Variants were called using the following 

parameters: quality score > 50, allele balance ratio < 0.75; homopolymer run > 3; and 

quality by depth < 8. Variants were called from a RefSeq37.2 target (35,804,408 bp).

Identity-by-descent
Alleles on different 
chromosomes that are 
identical because they  
are inherited from a shared 
common ancestor.

Identity-by-state
Alleles on different 
chromosomes that are 
identical but do not share  
a common ancestor with 
respect to a pedigree or 
population of interest.

Haplotype
A combination of alleles on  
a single chromosome.

J.S., unpublished data). This conclusion is supported by 
simulation studies (FIG. 3) and by the greater rate at which 
exome sequencing is identifying genes for recessive dis-
orders relative to dominant disorders (Supplementary 
information 1 (table)).

Use of pedigree information. For Mendelian pheno-
types, the use of pedigree information can substantially  
narrow the genomic search space for candidate causal 
alleles (FIG. 2b). However, it is not necessary to perform 
exome sequencing on every individual in a pedigree, or 
even on every case, to take full advantage of the avail-
able information. Exactly which individuals are the most 
informative ones to sequence depends on the frequency 
of a disease-causing allele and the nature of the relation-
ship between the individuals. For very rare alleles, the 
probability of identity-by-descent given identity-by-state is 
high even among distantly related individuals. For exam-
ple, two first cousins share a rare allele that is identical-
by-descent in approximately one-eighth of the genome. 
In the absence of mapping data, sequencing the two most 
distantly related individuals with the phenotype of interest  
can substantially restrict the genomic search space.

When mapping data are available, the most effi-
cient strategy is to sequence a pair of affected individu-
als whose overlapping haplotype produces the smallest 

shared genomic region. If the haplotype shared by all 
affected individuals is sufficiently short that the candidate 
interval is unlikely to include multiple candidate causal 
alleles, then a single individual may be sequenced. For 
consanguineous pedigrees in which a recessive mode of 
inheritance is suspected, sequencing just the one person 
with the smallest region (or regions) of homozygosity, as 
determined by the genome-wide genotyping data, should 
be sufficient. In each of these instances, exome sequencing  
is merely used as a replacement for Sanger sequencing of  
all the genes in a crucial interval. This is often a cost- 
effective option and has been a popular application of 
exome sequencing (Supplementary information 1 (table)).

Exome sequencing of parent–child trios is a highly 
effective approach for identifying de novo coding muta-
tions (FIG. 2c), as multiple de novo events occurring within 
a specific gene (or within a gene family or pathway) is 
an extremely unlikely event44. This study design may be 
particularly applicable to gene discovery in disorders for 
which most cases are sporadic (that is, the parents are 
unaffected) and when a dominant mode of inheritance 
is suspected (for example, when there are few instances 
of parent-to-child transmission) or substantial locus het-
erogeneity is expected. Sequencing of trios has been used 
to find de novo mutations that are responsible for rare 
Mendelian disorders (for example, Schinzel–Giedion 
syndrome37) as well as for genetically heterogeneous dis-
orders, such as intellectual disabilities45, schizophrenia46 
and autism47. Although identifying Mendelian inconsist-
encies in which the child has a variant that is not called 
in either parent is straightforward, more than 70% of 
these inconsistencies turn out to be false negatives that 
result from failure to call the corresponding germline 
variants in one or the other parent. This should become 
less of a problem as variant callers improve and as the 
number of exomes available for comparison to exclude 
rare variants increases.

Technical and analytical limitations. The most success-
ful reports of the identification of a novel disease gene 
by exome sequencing have relied on discrete filtering, 
often with the aid of mapping data (Supplementary 
information 1 (table)). However, it is difficult to know 
how often this approach has failed, as negative results 
are rarely reported. Failure can result for many rea-
sons, most of which can be broadly considered as either  
technical or analytical.

Technical failure can occur because: part or all of the 
causative gene is not in the target definition (for example, 
it is not known to be a gene or there is a failure in the 
design); there is inadequate coverage of the region that 
contains a causal variant (for example, because of poor 
capture or poor sequencing); the causal variant is covered 
but not accurately called (for example, in the presence of 
a small but complex indel); true novel variants in the 
same gene are repeatedly identified but only because of 
the large size of the gene; or false variants in a gene are 
called because of mismapped reads or errors in alignment. 
Improvements on current methods to overcome these 
weaknesses are being investigated (BOX 1), so technical fail-
ures are likely to diminish rapidly over the next few years.
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STRATEGIES
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Figure 2 | Strategies for finding disease-causing rare variants using exome sequencing. Four main strategies are 
illustrated. a | Sequencing and filtering across multiple unrelated, affected individuals (indicated by the three coloured 
circles). This approach is used to identify novel variants in the same gene (or genes), as indicated by the shaded region 
that is shared by the three individuals in this example. b | Sequencing and filtering among multiple affected individuals 
from within a pedigree (shaded circles and squares) to identify a gene (or genes) with a novel variant in a shared region 
of the genome. c | Sequencing parent–child trios for identifying FG|PQXQ mutations. d | Sampling and comparing the 
extremes of the distribution (arrows) for a quantitative phenotype. As shown in panel d, individuals with rare variants in 
the same gene (red crosses) are concentrated in one extreme of the distribution.

Processed pseudogenes
Copies of the coding 
sequences of genes that lack 
promoters and introns, contain 
poly(A) tails and are flanked  
by target-site duplications.

Posterior probability
The probability of an event 
after combining prior 
knowledge of the event with 
the likelihood of that event 
given by observed data.

Analytical failures can follow from the limitations 
and assumptions of discrete filtering. Perhaps the major 
limitation of discrete filtering is that its power is substan-
tially reduced by genetic heterogeneity. For example, if 
alleles of one gene account for only a fraction of cases, 
no single gene will be found to have disease-causing 
alleles in all cases, and several other genes may carry 
neutral mutations in as many cases, depending on the 
sample size. In this scenario, it is impossible to separate 
the causal alleles from the non-causal alleles. From an 
analytical perspective, false-negative calls, the presence 
of disease-causing alleles in the comparative data set and 
reduced penetrance result in a reduced signal-to-noise 
ratio that is practically indistinguishable from genetic 
heterogeneity. False-positive calls will result in detection 
of candidate genes that cannot logically be eliminated 
by filtering alone. False-positive calls are frequently 
observed in segmental duplications and processed  
pseudogenes. Particularly notorious are processed pseu-
dogenes that are not currently represented in the human 
genome (for example, CDC27; see REF. 11). Finally, quan-
tifying the strength of the results of discrete filtering 
by significance testing (for example, by P value or by  
posterior probability) is problematic in the absence of a 
better understanding about the nature and distribution 
of variation across the exome.

Application to clinical diagnostics
Discovery of variants that underlie both Mendelian 
and complex traits will naturally lead to a much deeper 
understanding of disease mechanisms that should, in 
turn, facilitate development of improved diagnostics, 
prevention strategies and targeted therapeutics48,49. For 
example, the finding that several families with domi-
nantly inherited adult-onset arterial calcifications had 
mutations in NT5E — a gene that encodes a protein 
involved in adenosine metabolism — allowed for con-
sideration of specific therapeutic interventions that 
would otherwise not have been considered50. Some of 
these improvements will soon be realized (for example, 
better diagnostics for Mendelian disorders and disorders 
of unknown aetiology), whereas others (for example, 
risk profiling for complex traits) are likely to be a more  
distant realization.

Diagnosis. One of the immediate applications of exome 
sequencing will be facilitating the accurate diagnosis 
of individuals with Mendelian disorders that: present 
with atypical manifestations; are difficult to confirm 
using clinical or laboratory criteria alone (for exam-
ple, when symptoms are shared among multiple dis-
orders); or require extensive or costly evaluation (for 
example, when there is a long list of possible candidate 
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Miller syndrome
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COMMON DISEASE – 
COMMON VARIANT 

HYPOTHESIS
Common diseases accounted for by genetic variants 

found in 1-5% of population

Linkage disequilibrium



SNP ASSOCIATION

Hypothesis:  Allele 2 is associated 
with an increased risk of asthma

ACTAGGA

ACTCGG
A

Allele 1

Allele 2

Asthma No	Asthma
Allele	2	Present 30 10

Allele	2	Not	
Present

70 90



ASSOCIATION ANALYSIS



Recombination hot spot

SNP



Klein et al., Science (80- ). 2005 April 15; 308(5720): 385–389. 

Complement Factor H Polymorphism in Age-Related Macular 
Degeneration

http://www.medrounds.org/amd/
uploaded_images/fig2-757825.JPG



ASSOCIATIONS FOR T2D
Gene Symbol

Cyclin-dependent kinase inhibitor 2 CDKN2A/B

Insulin-like growth factor 2 mRNA binding protein IGF2BP2

CDK5 regulatory subunit associated protein 1-like 1 CDKAL1

Hematopoietically-expressed homeobox HHEX

S35-like splicing factor 30 SCL30A8

Transcription factor 7-like 2 TCF7L2

FATSO FTO

Peroxisome proliferator-activated receptor gamma PPARG

Potassium channel inwardly rectifying, subfamily J, member 11 KCNJ11



MISSING HERITABILITY

Manolio et al.  Nature 461:747, 
2009



45



ODDS RATIO
Asthma No	Asthma

Allele	2	Present 30 10

Allele	2	Not	
Present

70 90

Odds: ratio of probability event will happen over probability event will 
not happen – e.g., allele carrier getting asthma or not getting asthma



ODDS VS. ABSOLUTE �
RISK OF DISEASE

= 3.5/1000
2.3/1000

52% increase in odds = 1.52



CALCULATION OF RISK

Risk = (Population risk)(odds ratio)

Example:
Population risk is 3.5%

Odds ratio is 1.2
Risk = (3.5)(1.2) = 4.2%



UAB AND HUDSONALPHA

•  comprehensive academic medical center
•  1300 faculty
•  genetic testing and diagnosis
•  expertise in health care and disease biology

•  biotech research and development
• <20 faculty
•  high-throughput next generation sequencing
•  expertise in genomics and bioinformatics


